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Abstract  With the continuous growth of training data and the ongoing improvement in computational capa-
bilities, large language models(LLLMs) have rapidly expanded in scale and functionality. In the field of generative
artificial intelligence(GAI) ,large language models such as ChatGPT are among the fastest-growing applications.
In the domain of medical education, these generative artificial intelligence-large language models (GAI-LLMs)
demonstrate significant potential for application. Hence, this paper introduces GAI-LLLLMs in the medical domain,
presenting effective strategies and challenges faced by medical educators. The aim is to seamlessly integrate GAI-
LLMs into learning and teaching practices, significantly enhancing students’ digital skills. This endeavor aligns
with the important directives regarding the digital transformation of China by President Xi Jinping, thereby advan-
cing the digitization of higher education and fostering a new generation of digital citizens.
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